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Embedded computer vision is usually perceived as limited
implementation of high demanding PC algorithms.

Thanks to the emergence of high-performance, low-cost,
energy efficient programmable processors, this is
changing.

In the coming years, embedded vision will change the
world by rapidly proliferate into many life areas, creating
opportunities for industry and academia.

But implementing embedded vision applications is
challenging, and there is limited know-how.

Golden rule in embedded computer vision: be realistic -
its always system level problem.
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